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Supplementary Appendix

A1. Robustness: Time-varying parameter VAR (TVP-VAR analysis)

As robustness checks, we present the results for the TVP-VAR analysis. As indicated

earlier, the TVP-VAR approach of Antonakakis et al. (2020) combines the TVP-VAR

model introduced by Koop and Korobilis (2014) and the dynamic connectedness ap-

proach of (Diebold and Yilmaz, 2012; Diebold and Yılmaz, 2014). Unlike the approach

of (Diebold and Yilmaz, 2012; Diebold and Yılmaz, 2014) that requires setting rolling

window size, the TVP-VAR approach is an improvement of (Diebold and Yilmaz, 2012;

Diebold and Yılmaz, 2014) as it does not require setting an arbitrary rolling window size

hence prevents the loss of data and avoids erratic or flattened parameters making this

approach insensitive to outliers. Here, through Kalman filter estimation which relies

on decay factors, the variances are allowed to vary over time. Based on the Bayesian

information criterion (BIC), a TVP-VAR(1) model is selected.

In Table A1, the average dynamic total spillovers are presented. The results gen-

erally are qualitatively similar to those of the DY(12,14) results. From Table A1, the

total spillover index among the variables is 60.90% slightly lower than the 64.72% from

the DY(12,14) analysis. This shows high spillovers among US monetary policy and

Australia’s domestic monetary policy and financial markets. Again, we still see the US

as the dominant net transmitter of monetary policy spillovers compared to Australia’s

own monetary policy. Overall, US monetary policy is a net contributor of spillovers of
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about 11.58% while Australia’s monetary policy is a net receiver of spillovers of about

11%. Consistent with the earlier results, the main transmission channel is the interest

rate channel followed by the asset price and foreign exchange channels respectively.

Similar to the earlier results, US transmits net monetary policy spillover of about 6%

to Australia’s monetary policy (i.e. 17.18%-10.71%). The net transmission of US mon-

etary policy to the sectoral equities is 4.18% with the consumer discretionary sector

being the dominant net receiver of US monetary policy spillovers of about 0.93% (i.e.

2.1%-1.17%). The exchange rate is a net receiver of 1.16% (i.e. 2.14%-0.98%) spillovers

from US monetary policy. The results further show that the industrial sector is the

dominant transmitter of spillovers among the sectors followed by the materials and

financial sectors. These results are consistent with the DY(12,14) approach.

Again, looking at the dynamic spillover plots, Figure A1 shows heterogeneous total

spillovers over the sample period with the highest spillover observed during the COVID-

19 pandemic followed by the ESDC and the GFC respectively. From Figure A2 also, we

observe that over the sample period, US monetary policy is generally a net contributor

of spillovers to Australian economy while Australia’s monetary policy is generally a

net receiver of spillovers. Particularly, we observe that while throughout the GFC US

monetary policy was a net transmitter of spillovers to Australia’s market, Australia’s

monetary policy was a net receiver of spillovers during the entire crisis period. The

monetary policies of both countries were generally net receivers of spillovers during the

COVID-19 pandemic. We again find that FX is a net receiver of spillovers in almost

the entire period while US stock market is a dominant net transmitter of spillovers to

Australia’s economy in the entire period except at the onset of the COVID-19 pandemic

where it received spillovers briefly. In regards to the sectors, we see from Figure A3

that the dominant sector that contributes net spillovers in most of the periods is the

industrial sector followed by the materials and financial sectors. Consumer discretionary

sector is generally a net transmitter of spillovers. The IT, communication services,

health and utilities sectors are generally net receivers of spillovers most of the times.

These results are generally consistent with the DY(12,14) results.
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Figure A1: Dynamic total spillovers (TSI)

Note: Results are based on TVP-VAR technique with lag length of order one (Bayesian information
criterion, BIC) and a 10-step-ahead generalized forecast error variance decomposition.
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Figure A2: Dynamic net spillovers/spillbacks (NSI) – interest rate, FX and MSCI-US

Note: Results are based on TVP-VAR technique with lag length of order one (Bayesian information
criterion, BIC) and a 10-step-ahead generalized forecast error variance decomposition.
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Figure A3: Dynamic net spillovers/spillbacks (NSI) – Australia’s sectoral indices

Note: Results are based on TVP-VAR technique with lag length of order one (Bayesian information
criterion, BIC) and a 10-step-ahead generalized forecast error variance decomposition.
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